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Figure 1: The Transformer - model architecture.

[1] Attention is All you Need
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Figure 1: The Transformer - model architecture.
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[2] RoFormer: Enhanced Transformer with Rotary Position Embedding
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[3]1 Switch Transformers: Scaling to Trillion Parameter Models with Simple and Efficient Sparsity
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[5] GQA: Training Generalized Multi-Query Transformer Models from Multi-Head Checkpoints
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